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• Generalize open access 
to publications

• Structure research data 
and make it available 
through open access

• Be part of a sustainable 
European and 
international open 
science dynamic
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NATIONAL PLAN

FOR OPEN SCIENCE

4TH JULY 2018

esr.gouv.fr

#openscience
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Principles for Data Management
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https://wwwdb.inf.tu-dresden.de/opendatasurvey/
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Wilkinson, et al. (2016). The FAIR Guiding Principles for scientific data management and stewardship. 
Scientific Data, 3, http://dx.doi.org/10.1038/sdata.2016.18



Principles for Access to Research Data

Openness, flexibility, 
transparency, legal conformity, 
protection of intellectual 
property, formal responsibility, 
professionalism, interoperability, 
quality, security, efficiency, 
accountability, and sustainability. 
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Organization for Economic Cooperation and Development. (2007).
OECD Principles and Guidelines for Access to Research Data from Public Funding. 
http://www.oecd.org/dataoecd/9/61/38500813.pdf
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http://democracyos.eu/blog/open-by-design

https://wwwdb.inf.tu-dresden.de/opendatasurvey/

https://privacybydesign.foundation/en/
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Wilkinson, et al. (2016). The FAIR Guiding Principles for 
scientific data management and stewardship. Scientific 
Data, 3, http://dx.doi.org/10.1038/sdata.2016.18

Borgman, C. L. (2018). Open Data, Grey Data, and Stewardship: Universities at the Privacy Frontier. 
Berkeley Technology Law Journal, 33(2), 365–412. https://doi.org/10.15779/Z38B56D489

https://doi.org/10.15779/Z38B56D489


Data

If you can’t protect it, 

don’t collect it. 

(privacy and security aphorism) 

Therefore:

If you collect it, you 

must protect it.
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Borgman, C. L. (2018). Open Data, Grey Data, and Stewardship: 

Universities at the Privacy Frontier. Berkeley Technology Law 
Journal, 33(2), 365–412. https://doi.org/10.15779/Z38B56D489

https://doi.org/10.15779/Z38B56D489


Lack of incentives to share data

• Labor to document data

• Benefits to unknown others

• Competition

• Control

• Confidentiality

• Lack of expertise and staff

• Lack of sustainability…
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Image source: www.buildingsrus.co.uk/.../ target1.htm



Data Sharing: End or Means?

• Manage data

• Reuse data

– Comparison, calibration

– New inquiries

– Reproduce research

• Promote transparency in research

• Preserve evidence, models, records

• Promote data standards and interoperability

• “Structure research data and make it available 

through open access”…

https://en.wikipedia.org/wiki/Data_sharing 10



RDA Organizational choices

• Convening body or standards body?
• Individual or institutional membership?
• Professional society or governing mechanism?
• Independent organization or partnering entity?
• Sustainability mechanisms?

http://www.managingamericans.com/Senior-Manager/Success/3-Business-Benefits-of-Setting-and-Aligning-Organizational-Goals-702.htm11



12



13



http://www.census.gov/population/cen2000/map02.gif

Research Data

http://onlineqda.hud.ac.uk/Intro_QDA/Examples_of_Qualitative_Data.php

Marie Curie’s notebook aip.org

hudsonalpha.org
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Pisa Griffin

Alibaba.com

Wikipedia.org

Borgman, C. L., Scharnhorst, A., & Golshan, M. S. (JASIST, forthcoming, 2018). Digital Data Archives as Knowledge 
Infrastructures: Mediating Data Sharing and Reuse. ArXiv:1802.02689 [Cs]. http://arxiv.org/abs/1802.02689

ncl.ucar.edu

http://arxiv.org/abs/1802.02689


Data reuse in practice 

Current research
Center for Knowledge Infrastructures

UCLA



Center for Embedded Networked Sensing
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• NSF Science & Tech Ctr, 2002-2012
• 5 universities, plus partners
• 300 members
• Computer science and engineering
• Science application areas

Slide by Jason Fisher, UC-Merced, 
Center for Embedded Networked Sensing (CENS)



GOAL: 
Create a “data resource” that 
can be mined indefinitely to 
extract novel knowledge. 
• Over 600 “hypothesis free” 

genomics craniofacial datasets 
(DNA and facial images)

• All datasets deposited in a open 
repository prior to publication.

THE DATAFACE 
CONSORTIUM

2010

DATAFACE

CONSTITUTION

(PHASE ONE)

2015

DATAFACE

NEW DATA COLECTIONS

(PHASE TWO)

2018

DATAFACE

PHASE THREE

2020

DATAFACE

CONCLUSION

FIELDWORK
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Pasquetto, I.V. (2018). From Open Data to Knowledge Production: 
Biomedical Data Sharing and Unpredictable Data Reuses. PhD 

Thesis. https://escholarship.org/uc/item/1sx7v77r

https://escholarship.org/uc/item/1sx7v77r


Background and foreground reuses of data
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Background Reuse Foreground Reuse

Goal of data reuse “Ground truthing:” 

calibrate, compare, 

confirm 

Analysis: identify 

patterns, correlations, 

causal relationships 

Example of data 
reuse

Instrument calibration, 

sequence annotation, 

review summary-level 

data

Meta-analyses, novel 

statistical analyses

Frequency of data 
reuse

Frequent, routine 

practice

Rare, emergent 

practice

• Pasquetto, I. V., Borgman, C. L., & Wofford, M. F. (2018, in review). The Who, What, When, and Why of Reusing Data in Scientific Practice. 

Harvard Data Science Review.

• Wallis, J. C., Rolando, E., & Borgman, C. L. (2013). If We Share Data, Will Anyone Use Them? Data Sharing and Reuse in the Long Tail of Science 

and Technology. PLOS ONE, 8(7), e67332. https://doi.org/10.1371/journal.pone.0067332

• Pasquetto, I.V. (2018). From Open Data to Knowledge Production: Biomedical Data Sharing and Unpredictable Data Reuses. PhD Thesis. 

https://escholarship.org/uc/item/1sx7v77r

https://doi.org/10.1371/journal.pone.0067332
https://escholarship.org/uc/item/1sx7v77r


Background and foreground reuses of data
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Background Reuse Foreground Reuse

Goal of data reuse “Ground truthing:” 

calibrate, compare, 

confirm 

Analysis: identify 

patterns, correlations, 

causal relationships 

Example of data 
reuse

Instrument calibration, 

sequence annotation, 

review summary-level 

data

Meta-analyses, novel 

statistical analyses

Frequency of data 
reuse

Frequent, routine 

practice

Rare, emergent 

practice

• Pasquetto, I. V., Borgman, C. L., & Wofford, M. F. (2018, in review). The Who, What, When, and Why of Reusing Data in Scientific 

Practice. Harvard Data Science Review.

• Borgman, C.L. & Pasquetto, I.V. (2018). Cochrane Colloquium Edinburgh: Opening keynote. Edinburgh, UK. Video recording: 

https://www.youtube.com/watch?v=9PEU_rfkejM&list=PLCo8P5_ppmQgdp0mDMud0CEt8v7DXXgJE
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https://www.youtube.com/watch?v=9PEU_rfkejM&list=PLCo8P5_ppmQgdp0mDMud0CEt8v7DXXgJE


• Reuse by investigator
• Reuse by collaborators
• Reuse by colleagues
• Reuse by unaffiliated others
• Reuse at later times
– Months
– Years
– Decades
– Centuries

Reuse across place and time
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Soumitri Varadarajan blog. Iceberg image © Ralph A. Clevenger. Flickr



RDA in the Data Sharing Landscape

• Data sharing is a means to many ends
• Time to make tough organizational choices
• Key cases in science, technology, and policy
– Reusing data within and between communities
– Sustaining access to data, software, tools, 

instruments, specimens
– Sustaining access to data resources beyond grant 

projects
– Creating career paths for data stewardship
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The Data Creators’ Advantage

• Data creators have fullest knowledge of scientific 
goals, context, processing, interpretation 

• Data reusers may require contextual information 
beyond standard documentation 

• For foreground reuse, collaboration between data 
creators and reusers enables
– Identification of problems of common interest
– Mutual exchange of expertise
– Credit through new publications

• Pasquetto, I. V., Borgman, C. L., & Wofford, M. F. (2018, in review). The Who, What, When, and Why of Reusing Data in Scientific 
Practice. Harvard Data Science Review.

• Borgman, C.L. & Pasquetto, I.V. (2018). Cochrane Colloquium Edinburgh: Opening keynote. Edinburgh, UK. Video recording: 
https://www.youtube.com/watch?v=9PEU_rfkejM&list=PLCo8P5_ppmQgdp0mDMud0CEt8v7DXXgJE
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https://www.youtube.com/watch?v=9PEU_rfkejM&list=PLCo8P5_ppmQgdp0mDMud0CEt8v7DXXgJE

